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Welcome to Colab!

Explore the Gemini API

The Gemini API gives you access to Gemini models created by Google DeepMind. Gemini medels are built from the ground up to be
i y across text, images, code and audio.
How to get started

* Go to Gooale Al Stuio and log in with your Google Account.

Create an AP! key.
* Use a quickstart for Python or call the REST API using curl.
Discover Gemini's advanced capabilities
« Play with Gemini multimodal outputs, mixing text and images in an iterative way.
* Discover the multimedal Live AP! (demo here).
* Learn how to analyse images and detect items in your pictures using Gemini (bonus, there's a 3D version as well!).
* Unlock the power of the Gemini thinking model, capable of solving complex tasks with its inner thoughts.
Explore complex use cases
* Use Gemini grounding capabilities to create a report on a company based on what the model can find on the Intemet,
« Extract invoices and form data from PDFs in 3 structured way.
« Create illustrations based on a whole book using Gemini large context window and Imagen.

To learn more, take a look at the Gemini cookbook or visit the Gemini APf documentation.
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Colab now has Al features powered by Gemini. The video below provides information on how to use these features, whether you're new to

Python or a seasoned veteran.
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import pandas as pd

Open notebook
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# Create data
data ={
'CellLine": ['CL1', 'CL2', 'CL3', 'CL4', 'CL5', 'CL6"],
'GeneA Expression': [8.1, 6.5, 9.0, 7.2, None, 5.8],
'GeneB_Expression': [4.3, 3.0, 5.1, 2.8, 4.5, None],
'Drug_Response'": ['Sensitive', 'Resistant’, 'Sensitive', 'Resistant’, 'Sensitive', 'Resistant']
}
df = pd.DataFrame(data)

# Fill missing values with mean

df = df fillna(df.mean(numeric_only=True))

print(df)

# Convert sensitive and resistant to binary digits

df['Drug_Response'] = df['Drug_Response'].map({'Sensitive": 1, 'Resistant: 0})

X = df[['GeneA_Expression', 'GeneB_Expression']]

y = df['Drug_Response']

# Separate Data into test and training

from sklearn.model_selection import train_test_split

X_train, X_test, y _train, y_test = train_test_split(X, y, test_size=0.3, random_state=42)

from sklearn.linear_model import LogisticRegression

model = LogisticRegression()

model.fit(X_train, y_train)



y_pred = model.predict(X_test)

from sklearn.metrics import accuracy_score, confusion_matrix, ConfusionMatrixDisplay

import matplotlib.pyplot as plt

print("Accuracy:", accuracy_score(y_test, y_pred))

# Create confusion matrix

cm = confusion_matrix(y_test, y_pred)

disp = ConfusionMatrixDisplay(confusion_matrix=cm, display_labels=["Resistant",
"Sensitive"])

disp.plot(cmap="Blues")
plt.title("Confusion Matrix - Drug Sensitivity Prediction")
plt.show()

# Plot Drug Sensitivity Based on Gene Expression

import seaborn as sns

sns.scatterplot(data=df, x="GeneA_Expression', y="GeneB_Expression’,
hue='Drug_Response', palette='coolwarm’, s=100)

plt.title("Drug Sensitivity Based on Gene Expression")

plt.xlabel("GeneA Expression")

plt.ylabel("GeneB Expression")

plt.show()



